In order to address increased interest from scientists and regulators in quantifying 
INTRODUCTION
In recent years, as questions regarding legacy pollutants such as pesticides and priority contaminants have come into greater focus, scientists and regulators have been giving increasing attention to potential environmental risks associated with chemicals found in everyday products used by consumers (Boxall et al. ) . Pharmaceuticals and formulated personal care and cleaning products such as shampoo, laundry detergent, dish detergent, and hand soap are used in high volumes and disposed of down the drain, resulting in residual releases of their ingredients from point source discharges into the environment (Keller et al. ) . In order to estimate environmental exposures and better understand potential environmental risks, a modeling approach often is first used to provide predicted environmental concentrations (PECs) of down-the-drain chemicals. There are a number of modeling approaches that might be utilized (Keller ) . Multimedia environmental fate models have the advantage of being a simple approach to generating PECs in various environmental compartments (e.g., air, water, sediment, soil). However, while multimedia fate models are capable of representing a variety of scales (i.e., local, regional, continental), they have generally been limited in their ability to represent spatial and temporal variability. For regulatory purposes, the use of simple multimedia environmental fate models has been preferred. In Europe, the EUSES (European Union System for the Evaluation of Substances) model has been used for nearly two decades (Keller ) . In the United States, Model (CRAM), an Excel spreadsheet tool to quantify the level of aquatic exposure to a substance resulting from the use of consumer products released down the drain to wastewater treatment systems. CRAM was designed to address transparency issues associated with MegaFlush in that it works with a probabilistic distribution of dilution data that can be released to the public without concern for indirect disclosure of confidential business information (CBI). The use of a probabilistic dilution model is an approach similar to that used by the US EPA for E-FAST. In addition, 
METHODS

Site selection
Ontario is the most populous province in Canada having Flow could not be determined for all stream and river segments due to lack of available data. This accounted for approximately 6% of segments at mean flow and 12% in low flow conditions. In these cases, to be conservative, the lowest flow value the algorithm will allow, 2. Since exact coordinates of intakes were not provided, best estimates of the intake locations were determined by internet queries to find drinking water treatment facility addresses or information pertaining to the intake itself. All information gathered was substantiated visually using satellite imagery in ArcGIS, Google Earth, or Google Maps.
After the location of the water treatment facility was identified, coordinates were established in the waterbody to estimate the location of the intake pipe, and recorded. The intake location was inferred by a combination of publicly available information and satellite imagery. For remaining facilities, the township or facility operator were contacted to obtain an approximate location of the intake. Only two facilities were not included in the dataset due to the inability to establish intake coordinates. Ultimately, a total of 59 drinking water intakes were incorporated into iSTREEM® for the St. Lawrence region.
Case studies
A literature search was conducted for surface water monitoring data for Southern Ontario. Triclosan monitoring The settling tanks were used as the point of reference to measure 25 m out from the shoreline closest to the tanks to select the point in the water. For small streams (<50 m wide), the center of the stream was selected 
RESULTS AND DISCUSSION
Case study results 
